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Background

Our approach

Data:
Variables from 1973-202]
o Maximum of 4,955,186 t in 1995 o Chilean central-south catches (C);
Ry 7z e Drastical decrease to 353120 t \ o Catch per standard unit of effort (CPUE) as abundance index
= Tack mackerel distribution _ by 20/ 3 ) of industrial purse-seine fleet off central-southern Chile,
- " - 9 e Standard fishing effort (E=C/CPVUE); and
e ® /ncrease to ¥14,512 bf/ 202] o NOAA satellite SST between 32°-62°S-71°-80°W.
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Results Results
CLIMPROD yearly predictions Monthly CNN predictions
Models Model's Mean R= 0.342

Model considerations 9
‘\ Performance Performance Sd R°=0.073

2_
o S significant age classes R°= 0.90 (p < 0.001)

Monthly projections Yearly sum of montlhy
projections
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e environment affecting
abundance between 0-2 T acldenife = good
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Future work

Both models consider the environment . e Complex models can be integrated: age-structured, growth models,
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